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Fig. 1. The architecture of the proposed CNN. For each block, 1 — @2;22(a * a * 1) denotes the block with the kernel size @ * a for z1 input feature
maps and xz output feature maps. Batch normalization is abbreviated as BN. CSDN @Wilde |
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Fig. 5. (a) A variant version of Inception module [31]; (b) structure of sepconv
blocks CSDN @Wilde )
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TABLE VIII
STEGANALYSIS ERROR RATES COMPARISON USING YEDROUDI-NET,
XU-NET, YE-NET, SRNET AND SRM+EC AGAINST TWO
STEGANOGRAPHY ALGORITHMS WOW AND S-UNIWARD AT 0.2 BPP
AND (0.4 BPP. ALL NETWORKS ARE TRAINED AND TESTED ON BOSS
DATASET.

. WOW WOW S-UNIWARD  S-UNIWARD
Algorithms

(0:2bpp) _ (0.4bpp)  (0-2bpp) (0.4bpp)
SRM+EC 0.332 0.241 0.346 0.234
Xu-Net 0.314 0.215 0.365 0.248
Ye-Net 0.286 0.188 0.369 0.227
Yedroudj-Net 0277 0.169 0.370 0.219
SRNet 0.246 0.131 0.326 0.184
Zhu-Net 0.233 0.118 0.285 50 0A53 -
TABLE IX

STEGANALYSIS ERROR RATES COMPARISON USING YEDROUDJ-NET,
YE-NET, SRNET AND ZHU-NET ON WOW AT 0.2 BPP WITH A LEARNING
BASE AUGMENTED WITH BOWS2, AND DATA AUGMENTATION

Algorithms BOSS  BOSS+BOWS2  BOSS+BOWS2+DA

Ye-Net 0.286 0.261 0.230

Yedroudj-Net  0.277 0.242 0.206

SRNet 0.246 0.207 0.180

Zhu-Net 0.233 0.178 0.131
TABLE X

STEGANALYSIS ERROR RATES COMPARISON USING YEDROUDJ-NET,
YE-NET, SRNET AND ZHU-NET ON S-UNIWARD AT 0.2 BPP WITH A
LEARNING BASE AUGMENTED WITH BOWS2, AND DATA AUGMENTATION

Algorithms BOSS BOSS+BOWS2  BOSS+BOWS2+DA

Ye-Net 0.369 0.348 0318
Yedroudj-Net  0.370 0.340 0.305
SRNet 0.326 0.297 0.228
Zhu-Net 0.285 0.243 0.171
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