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class Block1(nn.Module):
def __init__(self, in_channels, out_channels):
(Block1, self). _init__ ()
self.in_channels = in_channels
self.out_channels = out_channels

self.block = nn.Sequential(

nn.Conv2d(in_channels=self.in_channels, out_channels=self.out_channels, kernel_size=3, stride=1, padding=1),
nn.BatchNorm2d(num_features=self.out_channels),
nn.ReLU(),

)




def forward(self, inputs):
ans = self.block(inputs)

return ans

class Block2(nn.Module):
def __init__(self):
(Block2, self).__init__ ()
self.block = nn.Sequential(

nn.Conv2d(in_channels=16, out_channels=16, kernel_size=3, stride=1, padding=1),
nn.BatchNorm2d(num_features=16),

nn.ReLU(),

nn.Conv2d(in_channels=16, out_channels=16, kernel_size=3, stride=1, padding=1),
nn.BatchNorm2d(num_features=16),

def forward(self, inputs):
ans = torch.add(inputs, self.block(inputs))

return inputs + ans

class Block3(nn.Module):
def _init_ (self, in_channels, out_channels):
(Blocka3, self). _init_ ()
self.in_channels = in_channels
self.out_channels = out_channels

self.boranch1 = nn.Sequential(
nn.Conv2d(in_channels=self.in_channels, out_channels=self.out_channels, kernel_size=1, stride=2),
nn.BatchNorm2d(num_features=self.out_channels),

)

self.branch2 = nn.Sequential(
nn.Conv2d(in_channels=self.in_channels, out_channels=self.out_channels, kernel_size=3, stride=1, padding=1),
nn.BatchNorm2d(num_features=self.out_channels),
nn.ReLU(),
nn.Conv2d(in_channels=self.out_channels, out_channels=self.out_channels, kernel_size=3, stride=1, padding=1),
nn.BatchNorm2d(num_features=self.out_channels),
nn.AvgPool2d(kernel_size=3, stride=2, padding=1),

def forward(self, inputs):
ans = torch.add(self.branch1(inputs), self.boranch2(inputs))

return ans

class Block4(nn.Module):

def __init__(self, in_channels, out_channels):
(Block4, self).__init__()
self.in_channels = in_channels
self.out_channels = out_channels

self.block = nn.Sequential(
nn.Conv2d(in_channels=self.in_channels, out_channels=self.out_channels, kernel_size=3, stride=1, padding=1),
nn.BatchNorm2d(num_features=self.out_channels),
nn.ReLU(),




nn.BatchNorm2d(num_features=self.out_channels),

def forward(self, inputs):
temp = self.block(inputs)
ans = torch.mean(temp, dim=(2, 3))

return ans

class SRNet(nn.Module):
def __init_ (self, data_format , init_weights=True):
(SRNet, self). _init_ ()
self.inputs = None
self.outputs = None
self.data_format = data_format

self.layer1 = Block1(1, 64)
self.layer2 = Block1(64, 16)

self.layer3
self.layer4
self.layer5
self.layer6
self.layer7

self.layer8 = Block3(16, 16)
self.layer9 = Block3(16, 64)
self.layer10 = Block3(64, 128)
self.layer11 = Block3(128, 256)

self.layer12 = Block4(256, 512)

self.layer13 = nn.Linear(512, 2)

if init_weights:
self._init_weights()

def forward(self, inputs):
inputs = inputs.permute(0, 3, 1, 2)
self.inputs = inputs. ()

self.layer1(self.inputs)
self.layer2(x)

self.layer3(x
self.layer4(x

(%)
(%)
self.layer5(x)
self.layer6(x)

(%)

self.layer7(x




self.layer8(x)
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self.layer10

self.layer11(x)

self.layer12(x)

self.outputs = self.layer13(x)
return self.outputs

def _init_weights(self):
for min self.modules():
if (m, nn.Conv2d):
nn.init.kaiming_normal_(m.weight, mode , honlinearity
if m.bias is not None:
nn.init.constant_(m.bias, 0.2)
(m, nn.BatchNorm2d):
nn.init.constant_(m.weight, 1)
nn.init.constant_(m.bias, 0)
(m, nn.Linear):
nn.init.normal_(m.weight, 0, 0.01)
nn.init.constant_(m.bias, 0.001)

X = torch.rand(size=(3, 256, 256, 1))
print(x.shape)

net = SRNet(data_format , init_weights=True)
print(net)

net(x)
, output_Y.shape)
, output_Y)
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