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1. VRSTC: Occlusion-Free Video Person Re-ldentification (Ruibing Hou, Bingpeng Ma, Hong Chang,
Xingian Gu, Shiguang Shan, Xilin Chen)
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2. Interaction-and-Aggregation Network for Person Re-identification (Ruibing Hou, Bingpeng Ma,
Hong Chang, Xingian Gu, Shiguang Shan, Xilin Chen)
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3. Deep Robust Subjective Visual Property Prediction in Crowdsourcing (Qiangian Xu, Zhiyong
Yang, Yangbangyan Jiang, Xiaochun Cao, Qingming Huang, Yuan Yao)
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4. Relationship Learning with Person-specific Regularization for Facial Action Unit
Detection (Xuesong Niu, Hu Han, SongFan Yang, Yan Huang, Shiguang Shan)

T N iEsh# 4R RTE RB S H B RIEAREERESE . ERIA I NS BRI S % 52 6 T
NI B E A 58 BB SR A A RAMA Z I Z R . A T AR RIX S R, AR T —Fhetxd A 3h 38
HrH R R RS, TR0 M A R R 8 X 48 18] (9 5% 2 Bt — 25 5w N A 7] DX 45K 14 /53 BB RFE 0 /2%
FEES1. SRR, BATLERM T — et NRTARLE B 50 IE T IR 21 BRAE G5 30 B0 4 B i 72 e G i 7%
WAE BB, BT3RS AR A IRz A BE 77 N R 5 Sh AR A T 8% o 72 32068 FH B\ B2 475 3 3B P s 00 e
#REEBPADRMIDISFAL, BATEUS 7L T 28T B IF ik iS4 R



Person-specific Regularization
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5. Unsupervised Open Domain Recognition by Semantic Discrepancy Minimization (Junbao Zhuo,
Shuhui Wang, Shuhao Cui, Qingming Huang)
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6. Weakly Supervised Image Classification through Noise Regularization ( Mengying Hu, Hu
Han, Shiguang Shan, Xilin Chen)
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7. Spatiotemporal CNN for Video Object Segmentation (Kai Xu, Longyin Wen, Guorong Li, Liefeng Bo,
Qingming Huang)
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8.Twin-Cycle Autoencoder: Self-supervised Representation Learning from Entangled Movement for
Facial Action Unit Detection (Yong Li, Jiabei Zeng, Shiguang Shan, Xilin Chen)
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Unit(AU)) F TR NI R X324k . ML TN RCERTS, WEsiERTRRSERN. M. R
YN

& Bt IFME A R RIERE EIRH1 T X — R Rt R . HIRFETARBAULRENR AR X, R
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ZEREHER. ZRIIFHMERZEIRIEINEREE TAULKLEES (pose) HiE3s), TCAEET —EH
2R, FARERBBIRIESLMESTXNEITE. ZHENZOET, BEESHRI T HEKHARER
AU-specificld K pose-specifici1 R AE, F T #5 t AU-specificll & pose-specifickiz 3 73 & .

099 % 28| 872

o= = =
’ A ..".:..---.: = 1I'e
All-driven \
ALT movements \
tealtln: e o ;
source face target face

pose-changed

N
| SERTOETE. 2 -
pose-driven
movements

9. Cascaded Partial Decoder for Fast and Accurate Salient Object Detection (Zhe Wu, Li Su, Qingming
Huang)
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10. Exploring Context and Visual Pattern of Relationship for Scene Graph Generation (Wenbin Wang,
Ruiping Wang, Shiguang Shan, Xilin Chen)
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11. Fully Learnable Group Convolution for Acceleration of Deep Neural Networks (Xijun Wang, Meina
Kan, Shiguang Shan, Xilin Chen)
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